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Fig. 2. Feedback loop in recommendation, where biases occur in
different stages.
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Attribute

Race

Color

National origin
Religion

" Fairness Strategies

NER R R

Sex

Familial status

Disability

Exercised rights under CCPA
Marital status

Recipient of public assistance
Age

Table 4. A list of the protected attributes as specified in the Fair Housing and Equal Credit Opportunity
Acts (FHA and ECOA), from [29].
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